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Abstract 
Economic growth is a general equilibrium process which usually differs in one 
era compared to others. To effect growth there will be a changing occupational 
composition. Relatively few persist in the same occupations as their parents 
and movement across occupations occurs even in a hypothetical stationary 
economic environment. Yet, understanding distinct patterns and likely forces 
shaping overall change for a given era is a way to assess the growth process. 
Based on a coding of parental occupations to the 2000 Census in the Panel 
Study of Income Dynamics (PSID) we are able to study the extent and nature 
of growth promoting migration to occupations across generations. In the re-
cent U.S. time frame family processes have operated in the context of the rise 
of information technology in the form of STEM and AI occupations and, for 
women, a notable exodus from housekeeping to a wide range of market occu-
pations. Migration across these ostensibly nominal occupational categories 
leads to occupational economic mobility, upward or downward. Here, mobility 
is measured by the change in the wage ranking by occupation of adult children 
compared to that of their parents. Wage rankings are measured by the occupa-
tion specific calculated wage from extensive information on the full work set-
tings in the prior calendar year. Specifically, moving to an occupational with a 
higher wage is seen as moving to a good occupation. Our method provides a 
synthesis of intergenerational analysis which looks at a summary income meas-
ure on the one hand, and movement across diverse occupational boundaries 
on the other. A benefit of our empirical approach is that it allows us to compare 
the mobility of both men and women and to quantify the economic growth 
attributable to women’s notable departure from their mother’s occupation as a 
homemaker. The reference wage year is 2012 and the report of parental occu-
pations extends back to the years when almost 45 percent of all the mothers of 
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the current adult women and men were reported as home makers when the 
now adult child was growing up. 
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1. Introduction 

Economic growth is often unbalanced, occurring in sectors differentially, and de-
pendent on sector specific technology such as agricultural technology or in more 
recent times, artificial intelligence (AI) and information technology (IT). Less rec-
ognized, but important empirically and theoretically, is household technology for 
non-market productivity. The needed changes for diffusion can operate through 
both occupational or industrial composition. The goal of this paper is to under-
stand economic growth in the recent generations as both a social and technical 
process mediated through occupational change. The analysis is shaped by the use 
of intergenerational occupational migration and occupational mobility of the 
mid-career women and men as of 2012, a point in time when women’s labor force 
achieved its historical high. This cohort was part of a dramatic shift from the 
mother’s occupation in terms of both migration and mobility.  

Recent, Migration, defined as movement across ostensibly nominal occupa-
tional categories, has been shaped by the technology and social processes of un-
balanced growth—notably indicated by a growing share of employment in STEM 
occupations. Social factors—changing beliefs about education and market work 
and fertility and career planning, especially for women’s occupational choice—
have been central. A good share of migration has produced upward economic mo-
bility—which we define as movement across occupational categories having dif-
ferent wages. Migration matters. Who migrates to the well-paid occupations, re-
alizing positive mobility? Some migrate and move upward to an occupation which 
now pays more compared to the occupational wage had they persisted in their 
parent’s occupation. Others move downward. 

The study analyzes comparative intergenerational mobility of women and men. 
To study this, allowance needs to be made for the fact that almost half (44 percent) 
of the mothers of the recent mid-career women had homemaker as their primary 
occupation1. To allow for this we utilize the present annual wage structure for 26 
occupational groups to define an occupational ranking. This is similar to the use 
of occupational status in sociology but is of the ordinal “wage status”. An empiri-
cal advantage is possible mitigation of the correlated geospatial price level differ-

 
1Federal Reserve Economic Data show a rise in the labor force participation rate of women age 16 and 
older from about 45 percent in 1975 to about 60 percent as of 2000. Post Covid, as of mid-2026, it is 
57 percent.  
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ences. This can induce an apparent cross-generation persistence as with farm 
workers or those persisting in high cost of living locations. 

The overall national average Panel Study of Income Dynamics (PSID) wage ef-
fects a type of national wage standardization reducing the issue of spatial price 
correlation. The PSID wage measure is a complex generated variable and allows 
for a wage for those working in self-employment or multiple job holding or vary-
ing hours over the prior calendar year as several important elements. 

Most adults work in an occupation which is different from their parents. Based 
on 26 occupational categories from the 2000 Census for both parents and adult 
children, about 14 percent of men age 30 - 55 persist in their father’s occupation. 
About 43 percent have moved to an occupation now paying more than would be 
the case had they stayed in their father’s occupation. About 43 percent have lower 
occupational earnings. While about 16 percent of women now work in their 
mother’s occupation, about 59 percent are in an occupation with a higher wage 
ranking and 25 percent are in an occupation with a lower wage. 

We explicitly consider housekeeping as an occupation, a sharp departure from 
traditional growth measures, restricted to market activity only—such as the case 
of GDP. A substantial share of women migrating to the labor market are in occu-
pations which pay at about the same level as the imputed wage for non-market 
core housework. Given that about 44 percent of current 30-55 year old women 
and men both report that their mother did not work in the labor market when 
they were growing up2, including core housework as an occupation is central. The 
level of housework time by the mother’s generation time supports the claim that 
home making was the primary occupation for many of women is the earlier gener-
ation. 3 Housework is given a reference wage rank of zero. Close market equivalents, 
notably cleaning and maintenance, personal care and services, and food preparation 
rank just above housekeeping. In this way a daughter whose mother was a house-
keeper and who has migrated to a low paying occupation, such as work in food 
preparation, registers as having realized only modest upward mobility, if any. 

Much of the upward migration to better paying occupations for women has 
been from movement to management and some STEM occupations and legal oc-
cupations. The migration patterns are also diverse: To illustrate, 3.7 percent of 
women are in Food Preparation compared to 3.5 percent of their mothers. Of 
daughters, 3.8 percent are in science, technology, engineering and math (STEM) 
compared to 0.9 percent of their mothers. Migration from housework was to a 
wide range of both low and high paying occupations.4 

Given the extensive movement across occupations differing in their wage rank-

 
2Note that in the United States, compared to other countries, women with a career perspective are 
likely to returns to work soon after childbirth (Gustaffson & Stafford, 1998). 
3Married women age, 30 - 55, with householder status (did not in the labor market), had as of 1983 an 
estimated annual core housework (cooking cleaning and laundry and not counting direct care of fam-
ily members) of 1,739 hours.  
4The odds ratio (available appendix) of persisting in housework across generations was similar to most 
of the other occupations. So, there does not appear to be a persistent “home body” pattern. 
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ing, we can assess the overall patterns of economic mobility in a fashion similar to 
wage or income-based mobility. A quantile model allows us to look at upward 
mobility across the full range of parental occupations with a flexible functional 
form of occupational wages. There, for men, we show patterns broadly consistent 
with other work—namely economic mobility being greatest at the middle. For 
those whose parents were at the top there is the expected result of regression to 
the mean, the extent to which it occurs is tempered by a range of parental factors 
and children’s attributes. Of concern is that the low rates of upward mobility occur 
at low levels of parental occupational wages. While there is room for upward mo-
bility, an interpretation is that limited parental resources are a barrier. 

The paper is organized as follows: Section 2 provides a brief sampling of the 
extensive literature and connects to the relevant theories. Section 3 presents the 
basic data sources and includes an overview of both the migration patterns as well 
as the wage mobility statistics. Section 4 presents analysis of the factors shaping 
wage mobility. Section 5 concludes. 

2. Literature Review 
2.1. Measurement Approaches 

Transitions from a wide range of potential sources (Erda, 2026) to a new occupa-
tional distribution5 are integral to the evolving economic structure and are essen-
tial to growth, but who goes where is shaped by technological, family and social 
processes. Who persists in the same parental occupation? Who moves to or per-
sists in the well-paid occupations? Here, the occupational transitions are studied 
for both men and women in relation to their mothers and their fathers. The wider 
conclusion of intergenerational connections is similar to that offered by others 
(Carmichael, 2000). Socioeconomic status is very evidently positively correlated 
from parents to children. What measure should be used to define the presence of 
occupationally inherited carryover? What leads not just to a contextually similar 
occupation but to both occupational advantage and disadvantage? Prior work has 
assessed the limitations of various measures, highlighting the issue of characteriz-
ing women’s occupations (Hauser & Warren, 1997). We offer our wage-based in-
dex as one of a set of measures which captures the main dimension of economic 
return. 

If the father or mother occupies one profession, how strong is the relationship 
to a son’s or daughter’s occupation? Previous work (Hellerstein & Morrill, 2011) 
found that about 30% of sons and 20% of daughters are in the same occupation of 
his/her father. Such estimates, including ours, are sensitive to the classification of 
occupations. Occupations have also been characterized by measures of occupa-
tional status (Dribe & Helgertz, 2016; Wold, 1960), and this can be thought of as 
a way to avoid sensitivity to the granularity of the codes. Another branch of the 

 
5A more common alternative approach is to consider unbalanced growth as occurring across broad 
industry categories. The sources of unbalanced growth can be difficult to anticipate or to assess. Will 
post-Covid hybrid work give rise to a new form of cottage industries? There is research supporting the 
unexpected benefits of natural disasters such as floods.  
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literature centers on earnings paired across the generations (Solon, 2002, 2014). 
While this may provide a common metric there are issues of geospatially different 
or similar price levels faced by the different generations (Chetty et al., 2014), meas-
uring multi-year or permanent or career peak earnings, and treatment of careers 
outside the labor market. 

An alternative approach used here also allows for a general characterization of 
occupations. The average market “wage”6 paid as of 2012 is measured for each of 
the 26 broad occupations across the United States for those age 30 - 55, and defines 
the rank by occupation which is used to assess upward and downward mobility. 
For non-market work as an occupation, the rank of comparable market work 
is very low and, in this way, we are able to include movements to and from house 
holding as an occupational transition. 

There are several other considerations which apply to almost all microeco-
nomic analysis. From national sample data there are concerns about deflating by 
spatially defined price levels. Notably, if a person has the same wage as the parent 
adjusted for the local price index in that area, and persists in living in that area, 
then one could say there is a perfect correlation across the generations adjusted 
for the “real” wage. 

If the wage is high there can be a fully persistent high wage correlation. And for a 
lower nominal wage (the so called “Little Apple” versus the Big Apple), there would 
be persistent lower wages! This matters also if there is substantial migration from the 
Little Apple to the Big Apple or vice versa. There would be apparent upward mobility 
in one case and apparent downward mobility in the other. Empirically, there are 
many farm workers (separate from owners and managers) in our data, pay is low and 
the occupational persistence is by far the highest in our data—as measured by the 
diagonal of a 26 by 26 occupational transition table (available upon request or in-
cluded as part of the manuscript is prefered). Yet, other (real versus nominal) persis-
tence or mobility may also occur such as for lower income groups—which is of actual 
interest and not just induced by a measurement issue. 

Suppose the price indexed data were “perfect”? By definition, occupational 
choices are made leading to a heterogenous form of human capital from which to 
choose or have available. The operative wage is an expected wage, maybe along 
the lines of the Roy model (Roy, 1951) of occupational choice. For this reason and 
those above, we rely on the average wage as of the date of our data by occupation 
for the 26 occupations7. 

As in any transition table of this sort there will be a tendency to move to the 
middle. At the top and bottom there can be only one direction! So, seeing mobility 
upward from near the top could likely be another measurement issue (aka “er-
ror”). But inertia near the top or bottom could be shaped by both real forces and 
clouded by measurement problems. There is the complicating issue of changing 

 
6This as a complex calculated wage rate, not the answer to a question such as “what is your wage rate”, 
which is fully meaningless in many situations. 
7The use of wage rankings damps down the effect of a few very high wage realizations from entrepre-
neurial activity, intertemporal variability in annual measures, and career point.   
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ranks through time. This raises questions of wage expectations at the time of ed-
ucational and career choices. Various earnings expectations are shown as not nec-
essarily rational (Freeman, 1976). To address these expectational topics is beyond 
the scope of the paper. 

Our paper can be seen as a part of the effort to broaden the methods for under-
standing intergenerational economic well-being. Recent approaches have consid-
ered matching at the same mid-career point and to use earnings adjusted for in-
flation over several years to measure a more persistent outcome in the main life 
cycle point (Gouskova et al., 2010) and to consider mid-career outcomes based on 
findings in neuroscience on mid-career brain structure epochs (Stafford, 2026). 

Other work has also used an approach based on an ordinal ranking, such as 
occupational status measures, as a way to simplify measurement (Deutscher & 
Mazumder, 2023). Our method also endorses the idea of home making as a career 
with an implied market value (Grossbard, 2015; Achen & Stafford, 2026), connects 
to the literature on fertility transitions (Bailey, 2006; Goldin & Katz, 2015), and to 
technology shaping economic growth (Black & Spitz-Oener, 2010; Black & Spitz-
Oener, 2011; Johnson and Stafford, 1998b). 

2.2. General Equilibrium Effects 

We identify several factors which have the capacity to shape the overall wage struc-
ture. These are potentially reduced occupational exclusion of women (Udry, 1996; 
Bergmann, 1986; Johnson & Staford 1998a) and some self-exclusion from selected 
occupations by men. In recent decades, unbalanced economic growth has been 
shaped by skill extensive technical change. This economy-wide technical change al-
lows the skilled workers (possibly through IT or AI) to extend their domain of eco-
nomic activity to occupations previously held by others and is expected to alter the 
overall structure of wages (and terms of trade across groups) and employment. 

Another economy wide factor is changing household production technology. 
There can be strong labor supply effects induced by changing household technol-
ogy. Specifically, an increase in the elasticity of substitution between own time and 
market inputs in the production of non-market home output will induce a related 
increase in the elasticity of labor supply to the market. The response to such a 
technical change may be subject to inertia as suggested by the theory of social 
identity and self-perception (Tajfel & Turner, 1979; Carr & Steele, 2009). 

2.2.1. Occupational Composition and Exclusion 
In this paper, we assume that work in the home and in the market can be seen as 
alternative occupations (Grossbard, 2015; Stafford, 1980, 2026; Li & Stafford, 
2018)8. Although some of the destination market occupations are low paid market 
activities similar to regular housework (cleaning and maintenance, food prepara-
tion, and personal service), most of the movement has been into a wide range of 

 
8Data from reported core housework in the PSID show remarkably long weekly hours in the years that 
would match the age of the parents (Achen & Stafford, 2026). 
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market activity and has had the effect of boosting real economic growth. Relatively 
few women whose mothers were not active in the labor market when they were 
growing up have persisted in home production as a career. Many have moved into 
occupations which pay well, though some have moved into market occupations 
which are similar to household work—and which have low pay.9 

Substantial reductions in market wide occupational exclusion, as distinct from 
a single employer engaging in discrimination (Becker, 1993), gives rise to general 
equilibrium wage effects (Bergmann, 1974, 1986; Johnson & Stafford, 1998a). For 
women reduced exclusion from many better paid occupations relates to the ability 
to control the number and timing of children. The start of the major change was 
in the 1960’s, and contraception and fertility choices are highlighted for women’s 
labor market outcomes (Goldin & Katz, 2002; Bailey, 2006). 

There has been a notable impact of unbalanced growth arising from technical 
change in both market and in non-market productivity10. For the latter there has 
arguably been an increased elasticity of substitution between own time and market 
inputs allocated to home production (Juster & Stafford, 1991: p. 487, Equation 
(4)). The perspective of the role of both technology and social factors is important. 
Consider a wider view of technology and its adoption than in traditional market 
settings. This includes the new medical care supporting the timing and controlling 
the number of children as central to career choice. This has combined with non-
market production technology facilitating a shift from home production to mar-
ket activity. These two elements along with information technology and early use 
of AI have been part of a new and wider pattern of unbalanced growth leading to 
higher average family income. 

Exclusion has often been considered as restricted access by others leading to 
lower average real wages but higher wages for those included at the expense of the 
excluded. Within this socio-behavioral framework there can be self-exclusion. A 
group, from a range of possible factors including discrimination outside the mar-
ketplace, can end up seeing themselves as not being able to participate successfully 
in a given labor market or financial market. Such self-exclusion will also lower real 
average wages, suggesting limited opportunities but here from self-perception. 
This can also apply to financial decision-making (Bonaparte et al., 2017) with 
losses at the expense of the group that self-excludes from various portfolio 
choices. 

As measured by the Woodcock-Johnson Applied Problems (AP) test, the great-
est gender difference in college enrollment in STEM is among those teenage 
women scoring in the upper AP ranges but whose self-perceived ability is low rel-
ative to their AP teat score (Anaya, Stafford, & Zamarro, 2022).11 German girls 
are also more likely to underestimate their math ability relative to boys (Von 

 
9The 26 by 26 transition table shows quite low persistence. 
10Also prepared foods substituting market inputs for own time. 
11That is, girls are also more likely to report a lower self-assessment of math ability conditional on AP 
score.  
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Weinhardt, 2017)—a factor shown to be shaping later schooling and occupational 
choices. Such beliefs, shaped by a wider social context, can lead to costly exclusion 
on both the employee and the employer side of hiring. 

2.2.2. Skill Extensive Technical Change and Non-Market Technology 
Differing eras of unbalanced economic growth (Baumol, Batey-Blackman, & Wolff, 
1985) matter and shape both the wage structure and the share of activity in differ-
ent occupations. For a son or daughter to land in a production occupation may 
provide a better wage outcome compared to some of the service occupations, yet 
the share of production work by both men and women has fallen radically across 
the generations. Changing technology also connects to exclusion. Consider skill 
biased extensive technical change through the new technology (Johnson & Staf-
ford, 1998b), such as computer-controlled production of manufacturing or other 
AI applications12. 

A more complete framework could address the role of different income elastic-
ities from different expenditures categories and the role of trade (Laitner, 2000). 
Here we acknowledge the importance of these growth elements but in this paper 
our interest in the growth factors as they are realized by a changing occupational 
structure, particularly the distinct generational shift from unpaid work at home 
to a range of market occupations. The technology here includes medical innova-
tion supporting the number and timing of children as well as the technology of 
non-market production for core housework as indicated by household technology 
models. 

Looking forward, future growth phases will likely have a different structure and 
need a different assessment approach, such as growth influenced by AI and the 
use of video based remote and hybrid work. This can be partly induced by shocks, 
even such as Covid or other adverse events (Erda, 2026). In all approaches there 
will be social factors facilitating or inhibiting transitions. For the study of eco-
nomic transitions there will a need for considering the inclusion of diverse social 
processes. Social identity (Tajfel & Turner, 1979) or self-exclusion (Carr & Steele, 
2009) appear to be playing a role, limiting participation in STEM or related man-
agement occupations. 

Where physical strength may have historically been important, both men and 
women have often become equally capable in many circumstances, and women 
can now carry out work tasks which were previously done primarily by men (Black 
& Spitz-Oener, 2010). If for this and other reasons there has been wider access to 
certain occupations, a result is technical change favorable to reduced gender re-
strictions to new occupations of which women have now taken advantage. This 
change can be better assessed with new measurement (Rosenfeld, 1978; Blau, 
Drummond, & Liu, 1970). 

For men there have been major transitional flows. About as much movement has 
 

12A possibility to consider is that some very physically demanding work may not be subject to future 
technology improvement and may lead to higher wages for those occupations while some skilled med-
ical occupations will be subject to displacement from AI systems. 
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been to better paying market occupations than their fathers as to occupations paying 
less than their fathers. We also show persistence to being in low paying occupations 
for men—most economic mobility is in the “middle range”. Further, this relates to 
intergenerational persistence in a set of lower paying occupations or not being ac-
tively engaged in the labor market, lowering mobility and economic growth. 

2.3. Family Human Resource Investment 

The different parental occupational groups lead to wide differences in resources 
to invest in the children’s education. At a more detailed level, the theory of occu-
pational intergenerational transmission can explain the phenomenon of doctors 
and lawyers passing on from generation to generation because of the specialized 
human capital investment of their parents. The previous literature examines the re-
lationship between parents’ occupation and children’s careers (DiPietro & Urwin, 
2003; Hellerstein & Morrill, 2011). Family investment in human capital is directly 
related to the children’s learning preferences and reading habits, which in turn are 
important to their academic and subsequent occupational choice and performance. 

High-income parents are able to provide more early cultural resources for their 
families, expand their children’s horizons, and develop the children’s social vision 
and intellectual capacity when they later make career related choices, especially in 
the light of the emerging economic structure. Yet, as implied by studies on the 
intergenerational wage and income elasticity for fathers and sons, there is overall 
movement toward the middle across generations (Becker & Tomes, 1986). 

Children do not directly contact the world of work; their occupational values are 
mainly from the understanding of the parental occupation or the occupations of 
other family members. In vocational preference theory (Holland, 1997), it is as-
sumed that the characteristics children are born with and the contextual input may 
stimulate parents and their children share a similar vocational personality type and 
preferences. Preferences form occupational aspirations from their original interests 
and desired career goals, without regard to the relationship between occupations and 
their character, knowledge, ability, and professional needs. With limited ability to 
foresee future career opportunities we expect there to be a stronger pattern of follow-
ing the parents—both in terms of occupational goals but also of the child’s occupa-
tion itself. As a result, the family can create a type of positive occupational inertia or 
carryover across generations. Notably, parents having a STEM occupation predicts 
female college STEM studies (Anaya, Stafford, & Zamarro, 2022). 

The parents’ occupational background and social network also play an im-
portant role in job search. If the father or mother is in a legal profession, when the 
children graduate from law school they are more likely to find work matched with 
the legal profession, given the parents’ social network. Some studies have focused 
on the fact that parents and children are employed in the same workplace, and 
that parents are more likely to hire their children to work in their unit (Bennedsen 
et al., 2007; Kramarz & Skans, 2014). 

Trice (1991) asked 422 children “What are going to be when you grow up?” 
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23% of 8-year-olds and 16% of 11-year-olds exactly matched a parent’s occupa-
tion. Matching is more pronounced when the child feels that the parent is satisfied 
with the job. Parental occupational status can indirectly affect their children’s ca-
reer ambitions by influencing communication and emotions and attitudes when 
they get along with their children. It can serve to limit direct exit from a contract-
ing occupation even when it is facing a reduced demand. These factors operate to 
have generally positive carry over based on the migration index. 

3. Data and Descriptive Statistics 
3.1. Occupational Data 

The Panel Study of Income Dynamics (PSID) is a large, multigenerational study 
and which, with weights, is nationally representative. The microdata (Stafford, 
1986) used include both individual and family measures. The PSID began in 1968 
with a sample of more than 18,000 individuals from approximately 5000 families. 
The PSID includes both cross-sectional and longitudinal data. This study uses 
both longitudinal and cross-sectional components. In particular, we use the an-
nual modules dedicated to the study of mobility and inheritance of intergenera-
tional occupations available as of 2013. Since 2003 the PSID has collected occupa-
tional and industry data coded to the 2000 Census codes. This includes the new 
and continuing panel members who are asked the main occupation and industry 
of their parents and their spouse’s parents when they were growing up and recod-
ing prior reports to the 2000 definitions. 

The wage ranking of occupations as of 2012 is used to characterize both genera-
tions. The time frame evaluated is intended to capture the cohorts with dramatic oc-
cupation change, especially by women. Conceptually one could consider the occupa-
tional rank of each generation separately. This requires stable occupation codes going 
back to the parents and depends on the ages in each child- parent pair, leading to 
small sample sizes by occupation and age of the child-parent pair. Moreover, the ac-
tual parental wage is not available for those who married into the PSID families. 

Information used includes the average annual wage paid to each spouse in the 
labor market during the prior calendar year. The wage measure is constructed 
from extensive information of various forms of work hours—such as overtime, 
time running a family business or practice and the labor component of various 
forms of income from these forms of earning (Pérez-González, 2006). 

Men, whether married or single, are defined to be the household head. The fe-
male sample consists of those not married women who are defined to be house-
hold heads and of those women who are married or in a permanent relationship. 
Both men and women are given identical labor market content on which occupa-
tion and the wage calculation is based. 

The new generation sample is of people age 30 - 55. Under age 30 occupational 
characteristics may not be an effective proxy of an individual’s longer run occu-
pational status (Black & Devereux, 2011). After age 55 there is often intermittent 
participation and later there are substantial exits from the labor force. Using age 
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30 - 55 offers an approximate generational window of 25 - 35 years. We consider 
being a home maker as an occupation, and the shift to market work across gener-
ations shapes the overall distribution of traditional market activities as well. 

The occupation of “Does not work” or “Did not work” means no current mar-
ket work or being a home maker (or out of the labor force) for the current gener-
ation and “when growing up” for the parental generation. We removed a few ob-
servations in which the respondents did not provide key occupational infor-
mation. Excluding the missing data cases, we have a sample of the 5695, including 
2522 males and 3173 females. The occupational code is from the Alphabetical In-
dex of Industries and Occupations issued by the U.S. Department of Commerce and 
the Bureau of the Census. Occupation is divided into 25 categories, and including 
“Does or Did not work,” there are 26 broad types of occupations used in the analysis. 

3.2. Descriptive Occupational Statistics—Migration to a New 
Occupational Structure 

There are significant differences, many anticipated and consistent with the factors 
set out in Section 2, between the individuals and their parents in the 26 occupa-
tional percentages (Table 1). As confirmation of the data structure consider the 
following thought experiment. Suppose there are approximately equal numbers 
of men and women in the age range of 30 - 55. Further, suppose that, with weights, 
the men and women in our sample are representative samples of those adults age 
30 - 55. If both adult sons and daughters give similar reports of the occupations of 
their mothers and fathers when they were growing up we should expect similar per-
centages for the parents reported on by sons and parents reported on by daughters. 

For occupations with a sufficient number of cases, inspection of Table 1 shows 
a quite good level of alignment. One large occupational group for which reporting 
by sons and daughters coincidentally closely matches is for those in Office and 
Administrative Support. Aside from this fortuitous alignment, other “big” occu-
pations align quite well. For example, Sales, Management, Healthcare Practition-
ers, Production and, for women, “Did not work” by mothers aligns closely as re-
ported by either sons or daughters. 

Reflected in Table 1 are general equilibrium factors. Unbalanced growth factors 
are evident with a substantial drop in the shares of employment in production 
occupations and farming and fishing. The largest difference as a share of overall 
employment across generations is in the Production Occupation with the percent-
age of male sons having fallen from fathers at 13% - 14% to sons at 6.7%, or about 
50% less than the percentage of their fathers. The percentage of females in the 
Production Occupation is 2.8% less than their mothers, a decline of about 44%. 
With trade and unbalanced economic growth, the strong and continuing produc-
tivity growth, aided by information technology, leaves the production sector need-
ing less direct labor to achieve the same and even growing output compared to the 
previous generation. Consequently, the proportion engaged in industrial produc-
tion occupations has declined sharply. 
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Table 1. Occupational percentage male and female across generations. 

Code Occupation Total Male 
Father of 

male 
Mother of 

male 
Female 

Father of 
female 

Mother 
of female 

0 Did not work 12.38% 7.02% 0.94% 44.38% 17.20% 0.95% 44.12% 

1 - 43 Management occupations 9.97% 12.87% 14.17% 1.93% 7.35% 14.24% 2.45% 

50 - 73 Business operations specialists 2.45% 2.56% 0.98% 0.62% 2.35% 0.46% 0.60% 

80 - 95 Financial specialists 2.26% 2.51% 2.43% 0.91% 2.04% 2.03% 1.12% 

100 - 124 
Computer and mathematical 
occupations 

2.59% 4.02% 1.23% 0.11% 1.31% 1.04% 0.48% 

130 - 156 
Architecture and engineering 
occupations 

2.02% 3.45% 5.87% 0.21% 0.74% 5.24% 0.13% 

160 - 196 
Life, physical, and social 
science occupations 

1.65% 1.58% 0.52% 0.29% 1.71% 1.20% 0.27% 

200 - 206 
Community and social services 
occupations 

1.82% 1.27% 1.15% 0.75% 2.32% 1.01% 0.92% 

210 - 215 Legal occupations 1.02% 0.68% 0.76% 0.19% 1.32% 1.08% 0.22% 

220 - 225 
Education, training, and library 
occupations 

6.70% 3.14% 3.84% 8.49% 9.90% 2.70% 7.04% 

260 - 295 
Arts, design, entertainment, 
sports, and media occupations 

2.27% 2.26% 1.51% 0.51% 2.27% 1.13% 0.95% 

300 - 354 
Healthcare practitioners and 
technical occupations 

5.25% 3.01% 1.97% 6.21% 7.26% 2.23% 6.60% 

360 - 365 
Healthcare support 
occupations 

1.87% 0.39% 0.07% 1.89% 3.20% 0.18% 2.48% 

370 - 395 Protective service occupations 2.37% 4.11% 2.81% 0.44% 0.81% 2.31% 0.08% 

400 - 416 
Food preparation and serving 
occupations 

2.89% 2.00% 0.59% 3.51% 3.69% 0.92% 3.52% 

420 - 425 
Building and grounds cleaning 
and maintenance occupations 

3.04% 3.88% 1.49% 1.83% 2.28% 2.22% 2.00% 

430 - 465 
Personal care and service 
occupations 

3.07% 1.17% 0.31% 2.03% 4.79% 0.38% 1.78% 

470 - 496 Sales occupations 6.78% 7.60% 8.80% 3.90% 6.05% 10.61% 3.55% 

500 - 593 
Office and administrative 
support occupations 

11.18% 4.32% 3.51% 13.56% 17.35% 2.61% 13.66% 

600 - 613 
Farming, fishing, and forestry 
occupations 

0.87% 1.63% 3.92% 0.54% 0.18% 3.97% 0.45% 

620 - 676 Construction trades 4.00% 8.29% 9.86% 0.07% 0.15% 9.95% 0.20% 

680 - 694 Extraction workers 0.08% 0.16% 0.55% 0.00% 0.00% 0.43% 0.02% 

700 - 762 
Installation, maintenance and 
repair workers 

3.31% 6.78% 6.84% 0.03% 0.19% 6.38% 0.06% 

https://doi.org/10.4236/ti.2026.173012


P. Li, F. P. Stafford 
 

 

DOI: 10.4236/ti.2026.173012 182 Technology and Investment 
 

Continued 

770 - 896 Production occupations 5.05% 6.73% 13.04% 6.20% 3.54% 14.06% 6.33% 

900 - 975 
Transportation and material 
moving occupations 

4.40% 7.22% 9.04% 1.32% 1.87% 9.79% 0.94% 

980 - 983 Military specific occupations 0.71% 1.36% 3.78% 0.09% 0.12% 2.89% 0.06% 

Total  100.00% 100.00% 100.00% 100.00% 100.00% 100.00% 100.00% 

Note: Calculated use the individual cross-sectional weight. Observation counts are in the Appendix. 
 

At the same time, evident is a notable rise in STEM occupations. Based on our 
data from the PSID there are about 4.0% of men now engaged in Computer and 
Mathematical Occupations (CMO) compared to 1.2% of the father’s generation. 
As of 2012, 1.3% of women work in CMO. In contrast, the percent their mother’s 
generation in the occupation was 0.5%. On a wider definition to include Engi-
neering and Architecture; and Physical, Life and Social Sciences the son’s percent 
of STEM is now 9.1% while for their fathers it was 7.6%. For daughters it is now 
3.8% while for their mothers it was about 0.9. Also evident are gender-based dif-
ferences in occupations. Besides the well-known exodus, based on a matching 
model we found a positive effect of having a mother who worked in the market 
on the occupational wage ranking of the sons, and found very limited evidence of 
a role model effect for women. 

The shift from housekeeper (Did Not Work) for women, there is a strong rise 
in Business Operations and Financial Specialists for women and a strong rise in 
women in the well-paid legal occupations. Of note for men, as production employ-
ment declined, and many moved to Building and Grounds Cleaning and Mainte-
nance—more traditionally male occupations while few migrated to healthcare sup-
port, an occupation which, as seen below, pays more than Building and Grounds13. 
We suggest this to be an apparent self-limitation and can be considered a form of 
self-exclusion. Conceptually, such a pattern promotes lower wages—just as does 
exclusion by others. 

3.3. Descriptive Occupational Statistics—Wages in the New 
Occupational Structure 

Occupational wage rankings as of 201214 are created for the 26 destination occu-
pations held by the adult children age 30 - 55. These are set out in Table 2. As 
shown in Table 1, 44% of adult sons and of adult daughters reported that their  

 
13Based on the familiar migration measure (Blau & Duncan, 1967), the full 26 by 26 occupational tran-
sition table (available from the authors upon request), these moves of men to “nearby” traditional, but 
lower paying occupations are more evident. Though cell counts are modest, there are interesting dif-
ferences in the growth and contraction of occupations. Farming is declining and legal occupations are 
rising. For both, there is strong intergenerational persistence. In farming there are very limited inflows, 
a contrast to legal occupations. 
14These can be seen as relatively stable ranks through time for such broad occupations and may also 
be considered as anticipated wages for the early career plans of the current 30 - 55 year olds. The hours 
of housework for the mothers of the adult children look like those of market workers. 
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Table 2. Sorting occupations by the mean PSID wage rate (2012). 

Order Code Occupation Meanwage 

0 0 Did not work 0.000 

1 600 - 613 Farming, fishing, and forestry occupations 11.61 

2 420 - 425 Building and grounds cleaning and maintenance occupations 11.80 

3 430 - 465 Personal care and service occupations 12.61 

4 400 - 416 Food preparation and serving occupations 13.82 

5 360 - 365 Healthcare support occupations 16.66 

6 770 - 896 Production occupations 19.10 

7 500 - 593 Office and administrative support occupations 20.54 

8 200 - 206 Community and social services occupations 21.24 

9 900 - 975 Transportation and material moving occupations 21.84 

10 620 - 676 Construction trades 22.42 

11 220 - 225 Education, training, and library occupations 24.08 

12 680 - 694 Extraction workers 25.74 

13 700 - 762 Installation, maintenance, and repair workers 26.40 

14 260 - 295 Arts, design, entertainment, sports, and media occupations 27.95 

15 980 - 983 Military specific occupations 30.43 

16 470 - 496 Sales occupations 30.88 

17 370 - 395 Protective service occupations 32.69 

18 50 - 73 Business operations specialists 36.35 

19 100 - 124 Computer and mathematical occupations 37.68 

20 80 - 95 Financial specialists 38.27 

21 130 - 156 Architecture and engineering occupations 39.34 

22 1 - 43 Management occupations 40.25 

23 300 - 354 Healthcare practitioners and technical occupations 40.65 

24 160 - 196 Life, physical, and social science occupations 41.78 

25 210 - 215 Legal occupations 44.83 

 
mother did not work when they were growing up. The wage rankings can be com-
pared to the widely used measure of wages of generational pairs. By including 
housekeeping as an occupation, we are able to study mobility of women. Occupa-
tional rankings provide a measure of the typical or average wage of those age 30 - 
55 working in the occupations. It is based on a sample representative of the United 
States and thereby averages across the cost-of living differences of the urban and 
rural areas, annual individual earnings and career point. If adult children and their 
parents live in areas with a similar cost of living this will bias upward the apparent 
strength of the relationship of economic-wellbeing across the generations. A lim-
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itation of occupational rankings is that high or low earnings within the occupa-
tions are not captured. 

In Table 3 are presented the descriptive statistics for the occupational mobility 
measure. Given the large share of the mothers in housekeeping and service occu-
pations, the share of adult women who have moved up is 59.2 percent compared 
to 25.2 percent having moved downward. For men about 43 % moved up  

 
Table 3. Descriptive statistics for the mobility analysis variables. 

Variable’s types Variable’s explanation Variable value Male Female All samples 

Dependent 
variables 

Mobility (compared with 
father’s occupation order) 

Downward 43.45% 59.24% 51.75% 

Inheritor 13.50% 4.96% 9.01% 

Upward 43.05% 35.80% 39.24% 

Mobility (compared with 
mother’s occupation 
order) 

Downward 19.17% 25.17% 22.33% 

Inheritor 7.00% 15.64% 11.54% 

Upward 73.84% 59.19% 66.13% 

Occupational order child Mean 12.72 10.11 11.35 

Explanatory 
variables of 
parents’ 
characteristics 

Father’s 
occupational order 

Mean 13.09 12.97 13.03 

Mother’s 
occupational order 

Mean 5.89 6.01 5.96 

Explanatory 
variables of 
children’s 
individual 
characteristics 

Education Mean 13.93 14.17 14.06 

Age Mean 43.12 43.09 43.11 

Race 
0-Non-white 14.51% 17.07% 15.86% 

1-White 85.49% 82.93% 84.14% 

Health 

1-Excellent 20.54% 14.78% 17.51% 

2-Very good 38.35% 40.98% 39.73% 

3-Good 29.17% 30.24% 29.74% 

4-Fair 8.99% 11.00% 10.04% 

5-Poor 2.95% 3.00% 2.98% 

Marriage 

0-Others (never married, widowed, divorced, 
annulment, separated) 

32.70% 34.80% 33.80% 

1-Married 67.30% 65.20% 66.20% 

Covered by insurance 
0-No 18.35% 14.96% 16.57% 

1-Yes 81.65% 85.04% 83.43% 

Employment 

0-Others (only temporarily laid off, 
unemployed, retired, permanently disabled, 
housewife, keeping house, student, others) 

13.78% 25.46% 19.92% 

1-Working now 86.22% 74.54% 80.08% 

Note: Statistics are calculated with the individual cross-sectional weight. 
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compared to their fathers while about 43 percent moved down. In our next anal-
ysis a set of explanatory variables will be used, including the occupational wage 
order of the parents. Given the far greater upward occupational mobility of 
women, the average wage rank of women is 10.1, about 80 percent of the 12.7 wage 
ranking of men. The wage ranking of the sons is 12.7 a bit lower than the 13.1 rank 
of their fathers, a result consistent with the Bergmann general equilibrium factors 
identified in Section 2.2. 

With heterogeneous human capital the study of occupations is critical. On the 
other hand, placing otherwise diverse occupations on a common metric supports 
the analysis of occupational change and mobility. Occupational prestige is often 
used to order the occupations and sometimes to measure intergenerational mo-
bility. Here, we use the hourly wage rate to measure the ranking of remuneration 
of the individual’s primary occupation. As noted above, this is possible based on 
a variable in the PSID which is the calculated annual wage. The wage definition is 
very inclusive. 

Those working in a farm, unincorporated business or profession are asked for 
their hours in the business and the share of the net income is allocated based on 
reported hours. From these measures and reports of overtime, bonuses and other 
components, an annual average hourly wage is calculated for all men and women 
active in the labor force in the prior calendar year. In this paper occupations are 
ordered through the (weighted) average hourly wage rate to provide a measure 
used to represent an occupational ranking. 

After calculating the average hourly wage rate of men and women employed in 
each occupation, the occupations are sorted according to the average wage rate 
from high to low. A higher occupational order is defined here by the wage rate. 
The highest hourly wage rate is in Legal Occupations, and its average hourly rate 
of pay is $44.83 with a ranking of 25. Life, Physical, and Social Science Occupa-
tions are also highly paid, with an average of $41.78 per hour. The lowest hourly 
market rate is Farming, Fishing, and Forestry Occupations which are paid at 
$11.61. There is no dollar wage defined for those out of the labor wage but order 
values for wages in service occupations are also low. Building and Grounds, Clean-
ing, and Maintenance Occupations, which are paid an average of $11.80 are occu-
pations just above the bottom. 

Within the healthcare occupations are both the Healthcare Practitioners and 
the Healthcare Support Occupations. Both have grown across the generations but 
practitioners have a wage ranking of 23 while support occupations have a ranking 
of 5 as shown in Table 3. From Table 3 compared with the father’s occupation, 
there were 43.4% of men who transitioned downward, and 43.0% of men transi-
tioned upward. Compared with the mother’s occupation, there were 25.2% of 
women flowing downward, with 59.2% of women moving upward. The propor-
tion of women’s individual occupations moving upward is greater and in part this 
is related to substantial exits from unpaid work within the household. It is clear 
that for both men and women, more of the adult children have experienced up-
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ward wage mobility relative to their mothers. 

3.4. Statistical Analysis 

The variables include a number of background factors many of which are used in 
robustness checks on the mobility analysis. The average years of completed edu-
cation are similar: 13.9 in the male subsample and 14.2 for the female subsample. 
The mean age of the child sample was 43.1. There are 14.5% non-white and 85.5% 
white in the male subsample and 17.1% non-white and 82.9% white in female sub-
sample. Most of the individuals’ self-reported health status is “good” or “very 
good.” More than 80% of individuals were covered by health insurance, and most 
were employed. 

The occupational ranking of sons has declined slightly compared to their fa-
ther’s, from about 13.09 to 12.72 (t = 3.97)15. This is the occupational score of the 
fathers based on prevailing wages as of 2012 compared to the occupational score 
of today’s sons had they the same occupational composition as their fathers. This 
modest change is consistent with several factors including a substantial overall 
reduction of occupational exclusion of women (Bergmann, 1986), rising educa-
tional levels and exit from the low occupational rank of householder. One occu-
pation which is just below Production is Healthcare Support. This could have mit-
igated the occupational wage decline to some extent, yet the migration rate from 
Production to Healthcare Support has been notably low for men. 

4. Movement up Even from Parents of Higher Rank? 
4.1. Quantile Regression Analyses 

Based on the wage sorting of occupations, we can know whether an individual’s 
occupational order has risen or fallen compared to their father’s (mother’s) occu-
pation. If the father’s (mother’s) occupation order is b , and the child’s occupa-
tional order is a , 0a b− >  can be regarded as individual occupational upward 
mobility. If 0a b− < , indicates downward occupational downward mobility. In 
most intergenerational mobility literature, comparisons are made between sons 
and fathers’ occupations (Xie & Killewald, 1850), or between daughters and moth-
ers’ occupation. The wage mobility we refer to in this section considers the mo-
bility of the male compared with their fathers’ occupation, and the mobility of the 
female compared with their mothers’ occupation. Based on a matching model we 
found a positive effect of having a mother who worked in the market on the oc-
cupational wage ranking of the sons, and found very limited evidence of a role 
model effect for women. 

Are some individuals able to achieve upward occupational mobility, even from 
a background of high parental ranking? Are there any central parental character-
istics in the group moving still higher? Here the occupational order of the child is 
used as the dependent variable. Quantile regressions including control variables 

 
15Data from the Census Bureau also indicate a modest decline. For full time year-round employment 
the 2012 average was $49,398. As of 1973 it was $51,670 (inflation adjusted).  
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are shown in Table 4. The quantile regression results reveal a quite definite pat-
tern. For the son’s occupational level, the father’s influence on upward mobility 
first rises and then declines modestly. The coefficient of father’s occupation order 
is 0.018 at the 25% quartile, rises to 0.091 at the 50% quartile, and then decreases 
to 0.077 at the 75% quartile. The role of the mother’s occupation shows a different 
pattern. The influence rises from 0.018 at the 25% quartile to 0.028 at the 50% 
quintile, and then increases slightly to 0.029 at the latter quantile. The father’s 
occupational order has its strongest effect on the future generations in the middle-
ranking occupational groups. The influence of mother’s occupation is the highest 
for the higher-order groups. 

Figure 1 portrays the intergenerational mobility across the full range of paren-
tal occupational rank, showing something of an inverted U for men and, after the 
40th percentile, something of an inverted V for women. There the inverted shape  

 

 
Figure 1. Occupational rank of parents and children. 
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indicates a low upward mobility effect for fathers at a very low occupational rank, 
then rising in the middle range and declining again at high levels of occupational 
rank. For the mother to daughter connection, the relationship is relatively flat over 
the lower range of quantile order, where mothers had a rank of 0 up to the 4th 
decile. This is consistent with the 40 plus percent share of mothers as home mak-
ers and the fact that their daughters moved to a wide array of market occupations 
—some well-paying but many paying only modestly above the reference rank 
value of zero. Then there is a pattern first rising over the 50th - 70th range and 
falling modestly thereafter. Again, as for men, there is more mobility in the middle 
of that range. 

An interpretation of the greater mobility in the middle is that for the upper 
quantile values of parents there is little room to move up across the generations. 
This is partly a mechanical result of an ordinal measure at the top. Moreover, as 
the underlying distribution upon which the ranks are constructed becomes wider, 
as with wealth or family income, greater cardinal mobility can occur within the 
upper rank, with no resulting change in order. Especially for fathers of the prior 
generation, where they were the main earners, at low levels of occupational order 
there may have been limited resources to support upward mobility. This has less 
of a mechanical element but is still partly shaped by the lower bound on income 
or rank. 

Similar patterns of limited mobility at the bottom of the order distribution have 
been observed for 10-year mobility tables of wealth. Persistence at both low and 
high decile orders is observed (Hurst, Luoh, & Stafford, 1998). In a similar vein 
(Mitnik et al., 2015) substantial persistence at both low and high levels of earnings 
have been shown in other studies. A concern is that the common double log elas-
ticity (Solon, 2014; Gouskova et al., 2010) fails to capture the full range of func-
tional form mobility. 

While an elasticity of 0.5 or 0.6 still implies substantial overall mobility as well 
as regression to the mean, this may obscure the functional form mobility differ-
ences over the full range of economic well-being. In the quantile regression of the 
combined sample, the influence of education on upward mobility (Pfeffer & Her-
tel, 2015) was also improved, from 0.364 to 1.261, along with the improvement of 
the individual occupational order. In other words, the higher the occupational or-
der, the greater is the associated relationship of education to upward mobility. 

The main patterns shown in Table 4 are apparent in a generalized ordered logit 
model of mobility. For the full sample there is regression to the mean. The gender 
matched parent subsamples are more diverse. For the male sample there is limited 
upward mobility at the lower quantiles. There are alternative interpretations which 
cannot be identified here, and this is a reduced form not a causal assessment. 

The quantile regression estimated standard error is obtained using the boot-
strap method repeated 500 times. The other is related to the issues of price 
measures as noted in Section 2.1. While we have used the average wage in an at-
tempt to mitigate the problem there can be persistence in living in rural low price 
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level areas to partially offset regression to the mean from below. 

4.2. Propensity Score Matching Analyses of Working in the Labor 
Market by the Mother 

Here we examine the relationship of the children’s mobility based on whether or 
not the mother was active in the labor market (McGinn, Castro, & Lingo, 2015). 
Was there an apparent role model relationship to the mother’s market work apart 
from correlated influences of education and income? Propensity Score Matching 
(PSM) is our model choice. In the PSM’s first-stage estimation, the result depends 
on the selection of the model and the setting of the parameters. Bias-corrected 
matching ensures consistency for any given value of the smoothing parameters  

 
Table 4. Quantile regression estimates. 

Dependent occupational 
order 

Full sample Male Female 

Q25 Q50 Q75 Q25 Q50 Q75 Q25 Q50 Q75 

Father’s 
occupational order 

0.018 0.091 0.077 0.089 0.104 0.083 0.001 0.023 0.039 

(0.009) (0.021) (0.018) (0.027) (0.028) (0.021) (0.008) (0.017) (0.028) 

Mother’s occupational 
order 

0.018 0.028 0.029 0.020 0.012 0.009 0.019 0.026 0.043 

(0.007) (0.015) (0.016) (0.019) (0.023) (0.017) (0.007) (0.016) (0.024) 

Child’s education 
0.364 1.012 1.261 0.752 1.465 1.350 0.250 0.762 1.134 

(0.042) (0.083) (0.059) (0.083) (0.088) (0.071) (0.042) (0.042) (0.084) 

Age 
0.002 −0.037 −0.008 0.012 0.030 0.024 0.002 −0.016 −0.058 

(0.006) (0.014) (0.015) (0.019) (0.019) (0.016) (0.006) (0.013) (0.023) 

Race 
0.350 1.188 1.566 0.677 1.538 1.923 0.178 0.241 0.885 

(0.106) (0.243) (0.282) (0.290) (0.330) (0.347) (0.115) (0.206) (0.426) 

Marriage 
0.226 0.832 0.845 0.847 1.326 1.411 0.080 −0.014 0.544 

(0.092) (0.245) (0.285) (0.343) (0.344) (0.349) (0.098) (0.157) (0.404) 

Insurance 
0.820 0.161 0.041 0.383 0.298 0.697 1.177 0.229 −0.222 

(0.193) (0.255) (0.379) (0.354) (0.328) (0.451) (0.307) (0.262) (0.413) 

Employment 
6.437 7.336 8.502 6.522 6.599 4.409 6.346 6.714 10.785 

(0.112) (0.288) (0.483) (0.328) (0.595) (0.564) (0.122) (0.242) (0.475) 

Health 
−0.101 −0.532 −0.400 −0.385 −0.597 −0.233 −0.015 −0.109 −0.549 

(0.048) (0.110) (0.129) (0.134) (0.151) (0.131) (0.047) (0.089) (0.199) 

Cons 
−5.867 −9.900 −10.260 −10.455 −17.055 −10.584 −4.768 −8.481 −6.719 

(0.732) (1.335) (0.905) (1.422) (1.546) (1.181) (0.692) (0.947) (1.510) 

R2 0.254 0.208 0.220 0.209 0.239 0.233 0.284 0.197 0.223 

Obs 5695 5695 5695 2522 2522 2522 3173 3173 3173 

Note: ***p < 0.01, **p < 0.05, *p < 0.1. Standard errors are in parentheses in the Quantile regression. 
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Table 5. Results of bias-corrected matching estimators. 

  Mother did not work Mother worked 

Observations 

All 2180 3515 

Male 979 1543 

Female 1201 1972 

Mean of individuals’ 
occupational order 

All 10.807 11.777 

Male 12.415 12.962 

Female 9.350 10.714 

Sample ATT 

All 
0.338 

(0.190) 

Male 
0.628 

(0.270) 

Female 
0.109 

(0.260) 

Note: Standard errors in parentheses. The number of matches to be made per observation 
is 4. 

 
without requiring accurate approximations to either the regression function or 
the propensity score. 

Bias-corrected matching estimators have the advantage of an additional layer 
of robustness (Abadie & Imbens, 2011; Williams, 2006). For bias-corrected 
matching with replacement, allowing each unit to be used as a match up to once 
more, the standard error is also robust under heteroscedastic conditions. Bias-
corrected matching estimators were chosen to measure the Average Treatment 
Effect on the Treated (ATT) under the assumption of no omitted variables and no 
unobservable factors. Given the small share of fathers who were reported to have 
been out of the labor market the analysis is for the mothers only and is for both 
sons and daughters combined. 

The results of the bias-corrected matching estimators are shown in Table 5. 
The sample of mothers who did not work is very large, with 2180 who did not 
work and 3515 mothers who were in market occupations. The mean of the chil-
dren’s occupational order in the group where the mother worked in the market 
is higher than for the group where the mother did not work in the market, in 
the combined male and female sample, but is significant only in the male sub-
sample. For the group in which the mother did not work in the market, the mean 
of respondents’ occupational order is 10.34. But in the mother worked group, 
mean individuals’ occupational order is modestly higher at 10.89. This suggests 
that the earlier generation mothers labor market activity was not central to their 
children’s upward occupational mobility and differs rather modestly for daugh-
ters. Many of today’s adult women, active in the labor market, had mothers who 
were not in the labor market when they were growing up. Possibly non-observ-
able factors, not captured by the matching method played a role. The Male Sam-
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ple ATT is 0.628. 

5. Discussion and Conclusion 

Over recent decades, the occupational structure has changed and been shaped by 
technology, family and other social factors. These are not possible to simplify into 
a given primary factor as the most important explanation for the change. The new 
economic structure has been accommodated by diverse directional flows from the 
earlier occupational composition. As anticipated by unbalanced growth theory, 
there has been a shift to industries and related occupations experiencing slower 
labor productivity growth at both higher and lower skill levels, ranging from Life, 
Physical and Social Science occupations to Personal Care and Service occupations. 
Men have been moving from the declining share of work in production occupa-
tions via effects of unbalanced economic growth (Baumol, Batey-Blackman, & 
Wolff, 1985) and trade (Johnson & Stafford, 1998b) and have often migrated to 
traditional male occupations, further depressing wages there. 

Looking forward one can expect a new, yet not well understood process of 
growth, which will emerge. Just as the dramatic shift from home maker, an exam-
ple of prior unbalanced growth in the United States is the shift from about 40 
percent of the labor force in agriculture as of 1900 to about 4 percent in 1970. This 
process involved a range of sociotechnical factors, including spatial migration 
from rural areas as well as occupational migration. There, and more generally, 
occupations with a net inflow are often catalytic for economic development, re-
cently illustrated by those in STEM, including Computer and Mathematical Oc-
cupations (CMO). 

lso important are occupations needed for managing in a setting of a rapidly 
changing economy, such as Management Occupations. Inputs produced from 
CMO workers have displaced traditional employment, a process which can be 
considered to be skill extensive technical change. Employment of CMO workers 
should continue to rise as they continue to implement information and control 
(AI) systems in diverse settings (Frey & Osborne, 2017). 

As shown through quantile regression analysis, the influence of father’s occu-
pation for upward mobility of their children is the largest for the middle-ranking 
group, while mother’s occupation influence is higher for the higher order occu-
pational groups. For the earlier generation there was a substantial share of women 
who did not work in the labor market. We explored the connection to the mothers 
being in the labor market versus having primarily having been a householder. In 
part, this reflects the wide range of occupations to which the daughters of home 
makers moved. 

There has been reduced exclusion or reduced crowding (Bergmann, 1986) lead-
ing women to highly paid work, with a rising share observed entering other tradi-
tionally male occupations, with high or middle range wages, such as Management 
and Legal occupations. At the same time there has been a growing share of women 
in occupations traditionally having a high female representation (Levanon et al., 
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2009) such as Personal Care and Service and which have a lower wage ranking, 
barely above our householder occupation16. 

Overall, the wage index for daughters has improved greatly, from 6.01 for their 
mothers to 10.1. This is a 17 percent increase at the average wage levels. Unlike 
traditional GDP measures, the 17 percent incorporates reduced non-market value 
for the daughters. The index remains lower than for sons, 10.1 compared to 12.7, 
a ratio of 0.8017. The index which would have prevailed for sons had they the same 
occupational representation of their fathers has a value of 13.1. This observed pat-
tern of limited overall earnings growth of men has been noted elsewhere using 
basic median wage measures. Men who are in marriage or marriage like relation-
ships should, on average, be realizing a higher level of family income (with the 
value of non-market work included or not) as suggested by the perspective of 
Bergmann and consistent with basic tabulations from the PSID on-line archive. 

While not apportioning the contribution of the several general equilibrium fac-
tors, our analysis indicates a role for unbalanced growth via skill extensive tech-
nical change, notably in selected sectors such as production. In addition, reduced 
exclusion of women has fostered their entry into occupations largely the prior do-
main of men. It seems likely that countries high on the GEM index (United Na-
tions, 1995) generally experienced substantially more mobility to the better occu-
pations facilitating economic growth and are also likely to do so going forward. 
Similar outcomes, via reduced crowding, can be realized for disadvantaged groups. 

Related are the economic growth implications of the seeming reluctance of men 
to enter occupations with a traditionally high share of women, even for better pay. 
Office Support occupations currently pay somewhat more than does production 
work (Table 3), but as shown in Table 1, even as the occupation has grown sub-
stantially as a share of women’s work, it has increased only modestly for men. If 
such apparent self-exclusion is reduced the occupational ranking of men can rise. 
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Appendix 1: Observations Occupation Distribution from PSID (Calculated without the 
Individual Cross-Sectional Weights) 

Code Occupation All Male 
Father of 

male 
Mother of 

Male 
Female 

Father of 
female 

Mother of 
female 

0 Did not work 753 182 36 979 571 48 1201 

1 - 43 Management occupations 471 278 299 52 193 356 73 

50 - 73 Business operations specialists 130 56 22 14 74 12 18 

80 - 95 Financial specialists 119 59 52 23 60 52 30 

100 - 124 Computer and mathematical occupations 125 88 24 6 37 27 10 

130 - 156 Architecture and engineering occupations 96 78 123 7 18 117 3 

160 - 196 Life, physical, and social science occupations 73 31 12 11 42 29 9 

200 – 206 Community and social services occupations 119 34 33 23 85 35 33 

210 - 215 Legal occupations 48 17 17 5 31 25 7 

220 - 225 Education, training, and library occupations 339 70 77 207 269 64 204 

260 - 295 
Arts, design, entertainment, sports, and media 
occupations 

102 48 33 14 54 38 21 

300 - 354 
Healthcare practitioners and technical 
occupations 

294 75 39 190 219 58 203 

360 - 365 Healthcare support occupations 152 15 5 70 137 9 119 

370 - 395 Protective service occupations 143 102 66 8 41 77 10 

400 - 416 Food preparation and serving occupations 196 54 24 105 142 42 145 

420 - 425 
Building and grounds cleaning and 
maintenance occupations 

177 92 61 75 85 108 135 

430 - 465 Personal care and service occupations 208 28 9 67 180 15 70 

470 - 496 Sales occupations 369 168 192 105 201 257 122 

500 - 593 Office and administrative support occupations 677 129 84 320 548 90 398 

600 - 613 Farming, fishing, and forestry occupations 41 36 98 13 5 134 18 

620 - 676 Construction trades 222 218 275 2 4 382 7 

680 - 694 Extraction workers 6 6 16   24 1 

700 - 762 Installation, maintenance, and repair workers 182 179 186 2 3 205 6 

770 - 896 Production occupations 305 196 345 182 109 469 280 

900 - 975 
Transportation and material moving 
occupations 

305 246 274 39 59 383 45 

980 - 983 Military specific occupations 43 37 120 3 6 117 5 

Total  5695 2522 2522 2522 3173 3173 3173 
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Appendix 2. Flow Index of Male v. Father Note: Direction → Is the Father’s Occupational 
Code; Direction ↓Is the Male Individual’s Occupational Code 
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Appendix 3. Flow Index of Female v. Mother Note: Direction → Is the Mother’s 
Occupational Code; Direction ↓Is the Female Individual’s Occupational Code 
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